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Abstract: Extracting opinion targets and opinion words from on-line reviews square 

measure two basic tasks in opinion mining. This paper proposes an innovative approach to 

conjointly extract them with graph co-ranking. First, compared to previous methods that 

entirely used opinion relations among words, our methodology constructs a heterogeneous 

graph to model 2 varieties of relations, as well as linguistics relations and opinion relations. 

Next, a co-ranking algorithmic program is planned to estimate the confidence of every 

candidate, and also the candidates with higher confidence are going to be extracted as 

opinion targets/words. During this method, totally different relations create cooperative 

effects on candidates’ confidence estimation. Moreover, word preference is captured and 

incorporated into our co-ranking algorithmic program. In this method, our co-ranking is 

customized and every candidate’s confidence is merely determined by its most well-liked 

collocations. It helps to boost the extraction exactitude. The experimental results on 3 

information sets with totally different sizes and languages show our approach achieves 

higher performance than progressive strategies 
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1. INTRODUCTION  

With the fast development of internet, an enormous range of product reviews square measure 

coming up on the net. From these reviews, customers will acquire first-hand assessments of 

product data and direct oversight of their purchase actions. Meanwhile, makers will obtain 

immediate feedback and opportunities to boost the quality of their product in a very timely 

fashion. Thus, mining opinions from on-line reviews has become associate degree 
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progressively urgent activity and has attracted an excellent deal of attention from researchers 

[1], [2].  

 

With the speedy expansion of e-commerce, more and more products are sold on the Web, 

and so many people are also purchasing products online. In order to enhance customer 

satisfaction and shopping experience, it has become a common practice for online merchants 

to enable their customers to review or to express opinions on the products that they have 

purchased. With large number of common users becoming comfortable with the Web and 

also an increasing number of customers are writing reviews. As a result, product receives the 

greater number of reviews and because of this some popular products can get hundreds of 

reviews at large commercial sites [3], [4]. Moreover, many reviews are lengthy and have only 

a few sentences containing opinions related product. This makes it difficult to make a 

knowledgeable decision on whether to buy the product or not for a potential customer after 

reading them. If customer only follows a few reviews, he/she may get a biased view. The 

large number of reviews also makes it hard for product manufacturers to keep track of 

customer opinions of their products. There are additional difficulties for a product 

manufacturer, because many commercial sites may sell its products, and the manufacturer 

may (almost always) produce many kinds of products. We believe that we can easily obtain a 

portion of the links of the full alignment in a sentence [5]. These can be used to constrain the 

alignment model and obtain better alignment results [11] .Next, a graph-based co-ranking 

algorithm is used to extract opinion targets and opinion words. Also we are going to calculate 

relations between words, such as topical relations, in Opinion Relation Graph using TWTM 

(Topical Word Trigger Model). TWTM models topic specific word triggers, which are more 

discriminative. Hence TWTM is able to bridge the vocabulary gap between document content 

and key phrases more precisely [17]. 

 

2. LITERATURE SURVEY 

 M. Hu and B. Liu [1]: As online trading is becoming largely popular, the number of 

customer reviews that a product gets grows speedily. As a result a popular product 

gets very large number of reviews. This situation makes it hard for a possible 

customer to read them to make a decision on whether to purchase the product or not 

and it also makes it hard for the product manufacturer to manage customer opinions 

and to keep track of all reviews. To avoid all these difficulties, they aim to summarize 

and to mine all reviews of a product posted by customers. This task is different from 

traditional text summarization is very different from this (above mentioned) task 

because it only mines the features and properties of the product on which the 

customers have stated their opinions and whether the opinions are negative or 

positive. This traditional method do not summarize the reviews by choosing a subset 

or alter specific of the original sentences from the reviews to capture the key points 

as in the traditional text summarization. Their task is performed in three steps: (1) 

mining features of product on which customers have been commented; (2) 

recognizing opinion sentences in every review and determining whether every 

opinion sentence is positive or negative; (3) make the summary of the results. Here 

authors propose numerous novel techniques to perform these tasks. Their 

experimental results prove the effectiveness of the techniques on reviews of a large 

number of products traded online.   
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 F. Li, S. J. Pan, O. Jin, Q. Yang, and X. Zhu [2]: In this paper authors present 

Extracting Sentiment and Topic Lexicons which is important for opinion mining. 

Former work have showed that supervised learning methods are superior for this 

task. Though, the performance of supervised methods extremely depend on 

manually labeled training data. In this paper, authors propose a domain adaptation 

frame work for sentiment and topic lexicon co-extraction in a domain of interest 

where we do not require any labeled data, but have loads of labeled data in 

alternative related domain. The framework is twofold. In the first phase, they 

generate a few topic seeds and high-confidence sentiments in the target domain. In 

the second phase, they propose a new Relational Adaptive bootstrapping (RAP) 

algorithm to enlarge the seeds in the target domain by exploiting the relationships 

between topic and sentiment words and the labeled source domain data. 

Experimental results prove that without any annotation our domain adaptation 

framework can abstract precise lexicons in the target domain. 

 

 Kang Liu, Liheng Xu, Jun Zhao [4]: In this paper, they propose a novel approach to 

extract opinion targets based on word based translation model (WTM).  At first we 

apply WTM in a mono lingual scenario to line the associations between opinion 

targets and opinion words. Then a graph – based algorithms exploited. To extract 

opinion targets, where candidate opinion relevance estimated from the mined 

associations, is incorporated with candidate importance to generate a global 

measure by using WTM. Our method can extract opinion relations more precisely, 

especially for long-span relations. In particular, compared with previous syntax 

methods, our method can  effectively  avoid noises from  parsing  errors when  

dealing within formal text sin large  Web  corporate by  using  graph based algorithm, 

opinion targets are extracted  in  a  global  process, which can effective alleviate the 

problem of error propagation in Traditional bootstrap ;based methods, such  as 

Double Propagation. The result of experiments which are performed on three real 

world datasets in diverse sizes and languages prove that this approach is more 

robust and effective. 

 

 M. Hu and B. Liu [5]: In this paper authors proposed new method to recognize 

opinion relations among words  which have three new features: 1) the adjusted-

cosine-based resemblance calculation to eliminate the influence of different QoS 

scale; 2) a data smoothing process for improvement of prediction accuracy; and 3) a 

resemblance fusion approach to handle the data sparsity issue. In addition, a two-

phase neighbor selection strategy is proposed to improve its scalability. A wide 

performance study based on a public data set proves its effectiveness. 

 Zhi yuan Liu, Chen Liang, Maosong Sun [17]: This paper converses about issues 

related to Key phrase extraction which aims to find demonstrative phrases for a 

document. Key phrases should cover key themes of a document. As key phrases do 

not occur frequently in the document, so this is known as the vocabulary gap 

between the words key phrases in a document and words related to them. Here 

authors propose Topical Word Trigger Model (TWTM) for key phrase extraction. 

TWTM assumes that the content and key phrases of a document are talking about 

the identical themes but written in different languages. Under this assumption, key 

phrase extraction is showed as a conversion process from document content to key 
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phrases. In order to cover document themes better, TWTM sets that trigger 

probabilities to be topic-specific, therefore the trigger procedure can be influenced by 

the document themes. TWTM uses hidden topics to model document themes and 

takes the reporting of document themes into consideration; then again, TWTM uses 

topic-specific word trigger to bridge the vocabulary gap between the words in 

document and key phrases. Here experiments performed on real world dataset to 

reveal that TWTM out performs present state-of-the-art methods under numerous 

valuation metrics. 

3. PROPOSED WORK 

This paper converses about issues related to Key phrase extraction which aims to find 

demonstrative phrases for a document. Key phrases should cover key themes of a 

document. As key phrases do not occur frequently in the document, so this is known as the 

vocabulary gap between the words in a document and its key phrases.  

As base system examines on opinion word, so for proposed word we will find the additional 

types of relations between words, such as topical relations. For that we will change input 

data. Same time we will use improved ranking algorithm for finding confidence of candidate 

i.e. “Product ranking” algorithm. 
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Fig.1 shows detail architecture diagram of proposed system. This system accepts input 

dataset from user. This input passes to word alignment model and after that Partial word 

alignment model is created using parameter estimation. Then the most important step of 

opinion calculation is done. After this step all calculated data passes to estimate the ranking 

by using graph base method. In proposed system this part of system is replace by new 

algorithm called as “product ranking algorithm”. As base system examine on opinion word, 

so in proposed system we will find the additional types of relations between words, such as 

topical relations. For that we will change input data and at the same time we will use 

improved ranking algorithm for finding confidence of candidate i.e. “Product ranking” 

algorithm. 

 

4. EXPECTED RESULT 

 

 

Fig.2. Expected Result 

 

5. FUTURE SCOPE 

The complexity of opinion mining must be hidden from end-users before it will take the true 

center stage in an organization. Business use cases can be designed, with tight constrains, 

around data mining algorithms. 

 Discovers relationship in data 

 Customer who purchase product also likely to purchase optional insurance product 

 Classifying customer as highly, medium, low profitability or loss. 

 Assign keyword to text for future text mining.    

 

 

 

 

0 

0.5 

1 

1.5 

2 

2.5 

3 

3.5 

4 

4.5 

5 

Time complexcity Accuracy Ranking 

Previous Method 

Base Method 

Proposed Method 



Multidisciplinary Journal of Research in Engineering and Technology, Volume 2, Issue 4, Pg.834-840 

 

839 | P a g e  
M63-2-4-10-2015 

6. CONCLUSION  

As e-commerce sites are becoming more popular so extracting opinion targets and opinion 

words are important tasks. The most traditional and not much effective algorithms have been 

the reason behind this development. Thus through this project we aim to provide better 

results for key phase extraction. An effort to significantly replace the previous method with 

Word Alignment Model and Topical Word Trigger Model which are tested for results. These 

models capture opinion relations more exactly and therefore are more effective for opinion 

target and opinion word extraction.  
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