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Abstract: The mining opinion targets and opinion words from online reviews are important 

tasks for fine-grained opinion mining, the key component of which detecting opinion relations 

among the words. In this his paper proposes a novel approach based on the partially-

supervised alignment model, which regards identifying opinion relations as an alignment 

process. A graph-based co-ranking algorithm is exploited to estimate the confidence of each 

candidate. Finally, the candidates with higher confidence are extracted as opinion words or 

opinion targets. Compared to the previous methods based on the nearest-neighbor rules, 

our model is captures opinion relations more precisely, especially for the long-span relations. 

Compared to syntax-based methods, our word alignment model effectively alleviates 

negative effects of parsing errors when dealing with informal online texts. Compared to the 

traditional alignment model, the proposed model obtains better precision because of the 

usage of partial supervision. In addition to, when estimating the candidate confidence, we 

penalize higher-degree vertices in our graph-based co-ranking algorithm to decreases the 

probability of error generation. Our experimental results on three corpora with different sizes 

and languages show that our approach effectively outperforms state-of-the-art methods. 

Keywords - Feedback Mining, Text mining, Reputation System, Electronic commerce, Trust Score, 

Positive Bias, Opinion Extraction. 

 

1. INTRODUCTION 

The reputation-based trust models are widely used in the e-commerce applications, and 

feedback ratings are aggregated to compute sellers' reputation trust scores. All good 

reputation" problem however is prevalent in current reputation systems  reputation scores 

are universally high for sellers and it is difficult for potential buyers to select trustworthy 

 

 

 
Journal homepage: www.mjret.in 

 
ISSN:2348 - 6953 

http://www.mjret.in/


Multidisciplinary Journal of Research in Engineering and Technology, Volume 4, Issue 2, Pg.1162-1170 

 

1163 | P a g e  
M10-4-2-4-2017 

sellers. In this project work, based on the observation that buyers often express opinions 

openly in free text feedback comments, we have proposed Comm Trust, a multi-dimensional 

trust evaluation model, for computing comprehensive trust profile for sellers in E-commerce 

applications. Different from existing multi-dimensional trust models, we compute dimension 

trust scores and dimension weights automatically via extracting dimension ratings from 

feedback comments. Using LDA algorithm approach to mine feedback comments for 

dimension rating profiles. Both approaches Achieve significantly higher accuracy for 

extracting dimension ratings from feedback comments than a commonly used opinion mining 

approach.  

2. IMPLEMENTATION 
 

 

Fig 1. System Architecture 

 

3. ALGORITHM 

LDA Algorithm Pseudo code: - 

Input: - User comment  

Output: -  

Step1:divided  the user comments into the sentences based on user identifiers such as but, 

and 

Step 2:Stored each sentences  into the array  . 

Step 3:Reapete step 1 and step 2 until all comment convert in To the sentences. 

Step 4: This sentence will be tokenized into individual words To analyse them.  
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Step 5: The tokenized words are now compared with word In the database to decide the 

dimension whether it is Shipping, quality etc. 

Step 6: These words are then compared with words in another database to decide upon  the 

dimension (positive ,negative ) 

Step 7 : These two databases are used to know the direction of dimension whether it is 

positive(ex:“good delivery”) or negative (ex: “slow shipping”). 

Step 8: Once the direction of dimension and dimension weights are computed, rating will be 

given accordingly which is stored in another database.This process continues until all the 

sentences are given rating. 

Step9;Those value will be taken and giving the final rating to all comment.    

Step 10:add all positive rating  in to the positive score,negative rating to the negative score .  

Step11:final reting=[Positive score  + negative score/number of row in the table ]. 

Describing the morphism in our system: 

 

Fig.2: Functional dependencies between user, product, Sellers and e-commerce review. 

E(C)=E-Commerce  WAM  Model 

Now consider another set S, a set of sellers selling their products through e-commerce 

application. Which can be represented as: 

F(S) :S = {S1,S2,S3….Sn} 

Now various users can buy products through this shopping portal , these products  posted by 

various sellers. After getting  a product users give feedback to the seller related to various 

dimensions such as quality, shipping. 

F(D):D={D1,D2,D3….Dn} which is a set of dimensions which we are using to evaluate the 

trust score of each seller. 

F(U) :U={U1,u2, U3…..Un} 

 Consider a set U as a set of users registering with our system which is represented as 
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F(C): C = {C1,C2,C3….Cn}  

A set C as feedback comment set we are using to analyse multidimensional trust of a seller 

which can be represented as 

F(T):T   =  (∑ TD1+TD2+....+TDn) /(n) 

This score T represents the overall trust score of seller ,So we are here showing the 

multidimensional as well as the total overall score of a seller to the user of a system. Same 

score we calculated for the Product 

 

Fig 3. Shipping Graph 

Shipping Graph: This is Shipping Graph page. In this page show the sellers and seller’s 

Shipping Score in percentage. In this Graph, 0-30 range represents to Average, 31-60 range  

represents to the Good and 0-30 range represents to Average, 61 or more range  represents 

to the Excellent parameters. 
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Fig4.Cost Graph 

Cost Graph: This is Cost Graph page. In this page show the sellers and seller’s Cost Score 

in percentage. In this Graph, 0-30 range represents to Average, 31-60 range  represents to 

the Good and 0-30 range represents to Average, 61 or more range  represents to the 

Excellent parameters. 

 
Fig5.Quality Graph 
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Quality Graph: This is Quality Graph page. In this page show the sellers and seller’s Quality 

Score in percentage. In this Graph, 0-30 range represents to Average, 31-60 range  

represents to the Good and 0-30 range represents to Average, 61 or more range  represents 

to the Excellent parameters. 

 

Fig6. Service Graph 

Service Graph: This is Service Graph page. In this page show the sellers and seller’s 

Quality Score in percentage. In this Graph, 0-30 range represents to Average, 31-60 range  

represents to the Good and 0-30 range represents to Average, 61 or more range  represents 

to the Excellent parameters. 

 

Fig7. PreProcessData 
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Pre-Process Data: This is Data Preprocessing Page. Data PreProcessing is first step in 

their system. In this page find the Data Preprocess. 

 
 

Fig8. Clustering. 

Clustering Data: This is Clustering Page. After Data Preprocessing Find the Clustering. 

 

 
 

 
Fig9. Service. 
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Service: This is Services Page. In This Page, There are Four Types of Services: 1. 

Electronic Products, 2. Service, 3. Shipping, 4. Quality. In This Services Show the Services, 

Shipping and Quality in Graphical Format. 

4. FUTURE WORK 

In future work, we can improve mining methods to identify terms more accurately and     the 

comments with more word count by storing them in database  and  Review can be multi 

languages so that can more efficient to users and which would improve the overall accuracy 

of the rating system. 

5. CONCLUSION 

In this paper we presents an alignment-based approach with graph co-ranking to collectively 

extract opinion targets and opinion words. Our main contributions can be summarized as 

follows:  To precisely mine the opinion relations among words, we propose a method based 

on a monolingual word alignment model (WAM). An opinion target can find its corresponding 

modifier through word alignment. We further notice that standard word alignment models are 

often trained in a completely unsupervised manner, which results in alignment quality that 

may be unsatisfactory. We certainly can improve alignment quality by using supervision. 

Thus, we further employ a partially-supervised word alignment model (PSWAM). We believe 

that we can easily obtain a portion of the links of the full alignment in a sentence. These can 

be used to constrain the alignment model and obtain better alignment results. To obtain 

partial alignments, we resort to syntactic parsing.  To alleviate the problem of error 

propagation, we resort to graph co-ranking. Extracting opinion targets/ words is regarded as 

a co-ranking process. Specifically, a graph, named as Opinion Relation Graph, is 

constructed to model all opinion target/word candidates and the opinion relations among 

them. 
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