
International Journal on Advanced Computer Engineering and Communication Technology 

© 2024 The Authors. Published by MRI INDIA.   
This is an open access article under the CC BY-NC-ND license (http://creativecommons.org/licenses/by-nc-nd/4.0/). 

 
 

A Comprehensive Review of a Parallel Convolutional Neural Network-
Based Human Resources Recruitment System for Business Process 
Management Using Human Evolutionary Optimization Algorithm 
 

Fawzia Uddinfarooq 
Department of Computer Science and Engineering, Gwangdo Systems Polytechnic, South Korea 
fawzia.uddinfarooq@gsp-kr.net 
 

Peer Review Information  

 Submission: 13 Feb 2024 
Revision: 01 March 2024 
Acceptance: 17 March 2024 
 
Keywords  

Parallel CNN, Human 
Resource Recruitment, 
Business Process 
Management, Evolutionary 
Optimization, Deep Learning, 
Intelligent Systems 
 

Abstract 

The rapid transformation of business process management has 
significantly influenced human resource recruitment systems, 
necessitating the integration of intelligent computational models for 
efficient decision-making. This study presents a comprehensive review 
of parallel convolutional neural network-based recruitment systems 
enhanced by Human Evolutionary Optimization Algorithms. The 
proposed paradigm leverages parallelism in convolutional architectures 
to process large-scale candidate data, including resumes, behavioral 
traits, and skill metrics, thereby improving recruitment accuracy and 
efficiency. The integration of evolutionary optimization techniques 
inspired by human adaptive strategies enables dynamic tuning of model 
parameters, leading to enhanced convergence and reduced 
computational complexity. This review critically examines existing 
methodologies, highlighting the evolution of deep learning approaches 
in recruitment automation and their role in optimizing business 
workflows. Furthermore, the paper explores the synergy between 
parallel CNN frameworks and optimization algorithms in addressing 
challenges such as bias reduction, scalability, and real-time decision-
making. The findings suggest that hybrid intelligent systems 
significantly outperform traditional recruitment methods by offering 
robust predictive capabilities and adaptability. This research contributes 
to the growing body of knowledge in artificial intelligence-driven human 
resource management and provides insights into future directions for 
developing intelligent, scalable, and efficient recruitment systems. 
 

 
Introduction 
The increasing complexity of organizational 
structures and the growing volume of job 
applicants have necessitated the development of 
advanced recruitment systems that can 
efficiently process and analyze large datasets. 
Traditional human resource management 
practices often rely on manual screening and 
subjective decision-making, which can lead to 
inefficiencies, biases, and suboptimal hiring 
outcomes. With the emergence of artificial 

intelligence and deep learning technologies, 
recruitment systems have undergone a 
significant transformation, enabling automated 
candidate evaluation and improved decision 
accuracy. Among these advancements, 
convolutional neural networks have 
demonstrated remarkable capabilities in 
extracting meaningful features from structured 
and unstructured data, including resumes, social 
profiles, and assessment reports. The 
introduction of parallel convolutional 
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architectures further enhances computational 
efficiency by enabling simultaneous processing 
of multiple data streams, thereby reducing 
latency and improving scalability in large-scale 
recruitment environments. 
In addition to deep learning techniques, 
optimization algorithms play a critical role in 
enhancing model performance and adaptability. 
Human Evolutionary Optimization Algorithms, 
inspired by the adaptive and decision-making 
capabilities of human evolution, provide a 
robust mechanism for tuning hyperparameters 
and optimizing network structures. These 
algorithms incorporate elements such as 
learning, adaptation, and selection, allowing 
recruitment systems to evolve dynamically in 
response to changing organizational 
requirements and candidate profiles. The 
integration of such optimization strategies with 
parallel convolutional neural networks enables 
the development of intelligent recruitment 
frameworks capable of delivering high accuracy 
and efficiency. 

Furthermore, business process management 
systems increasingly demand automation and 
real-time decision-making capabilities to remain 
competitive in a rapidly evolving market. 
Intelligent recruitment systems serve as a 
crucial component of this transformation by 
streamlining hiring processes, reducing 
operational costs, and improving workforce 
quality. Despite these advancements, several 
challenges remain, including data heterogeneity, 
algorithmic bias, and scalability issues. This 
study aims to provide a comprehensive review 
of existing approaches that combine parallel 
convolutional neural networks with 
evolutionary optimization techniques, 
highlighting their strengths, limitations, and 
potential applications in modern recruitment 
systems. By analyzing recent developments and 
identifying research gaps, this paper seeks to 
contribute to the advancement of intelligent 
human resource management systems and 
support the development of next-generation 
recruitment solutions. 

 
Graphical Abstract 

 
 
Explanation: 
The graphical abstract illustrates an intelligent 
recruitment pipeline where candidate data is 
collected and processed through parallel 
convolutional neural networks for feature 
extraction. A human evolutionary optimization 
algorithm dynamically tunes model parameters 
to enhance performance. The system outputs 
optimized hiring decisions, supporting efficient 
and scalable business process management. 
 
Literature Review 
Study 1: Deep Learning for Automated 
Recruitment (Kumar et al., 2019) 
This study explored the application of deep 
learning models in automating recruitment 

processes, focusing on resume classification and 
candidate ranking. The authors utilized 
convolutional neural networks to extract 
semantic features from textual resumes, 
improving matching accuracy between job 
descriptions and candidate profiles. The 
research demonstrated enhanced performance 
compared to traditional machine learning 
methods, particularly in large-scale recruitment 
scenarios. Additionally, the system reduced 
manual intervention and processing time 
significantly. The study highlighted the 
importance of feature engineering and model 
optimization in HR analytics.  
Study 2: Parallel CNN Architectures in HR 
Analytics (Zhang and Lee, 2020) 
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This research introduced a parallel 
convolutional neural network framework for 
processing multiple candidate attributes 
simultaneously. The model leveraged parallel 
branches to handle structured and unstructured 
data, improving scalability and efficiency. 
Experimental results showed that parallel 
architectures significantly reduced processing 
latency while maintaining high accuracy. The 
study emphasized the adaptability of parallel 
CNNs in handling diverse recruitment datasets. 
It also discussed integration with enterprise HR 
systems for real-time decision-making.  
Study 3: Evolutionary Optimization in 
Recruitment Systems (Singh et al., 2021) 
The authors investigated the role of 
evolutionary algorithms in optimizing 
recruitment systems by dynamically tuning 
model parameters. The proposed approach 
mimicked human evolutionary strategies such 
as selection and adaptation to improve 
candidate ranking accuracy. Results indicated 
that evolutionary optimization significantly 
enhanced convergence speed and model 
robustness. The study also addressed issues 
related to overfitting and parameter sensitivity. 
It concluded that hybrid systems combining AI 
and evolutionary methods outperform 
standalone models.  
Study 4: Intelligent Talent Acquisition Using 
AI (Garcia and Patel, 2018) 
This study focused on the integration of artificial 
intelligence techniques in talent acquisition, 
emphasizing predictive analytics and decision 
support systems. The authors developed a 
model that combined machine learning 
algorithms with HR data to predict candidate 
success. The findings demonstrated improved 
hiring outcomes and reduced employee 
turnover rates. The research highlighted 
challenges such as data privacy and algorithmic 
bias. It also suggested future directions for 
integrating deep learning models into 
recruitment systems.  
Study 5: Resume Parsing Using 
Convolutional Networks (Chen et al., 2020) 
This research presented a CNN-based approach 
for automated resume parsing and information 
extraction. The model effectively identified key 
features such as skills, experience, and 
education from unstructured text. Experimental 
results showed high precision and recall rates, 
outperforming rule-based systems. The study 
emphasized the importance of preprocessing 
techniques in improving model accuracy. It also 
discussed scalability issues in handling large 
datasets.  
Study 6: Hybrid Optimization Techniques in 
HR Systems (Alam et al., 2021) 

The authors proposed a hybrid optimization 
framework combining genetic algorithms with 
machine learning models for recruitment 
optimization. The approach improved candidate 
selection by optimizing feature weights and 
model parameters. Results indicated significant 
improvements in classification accuracy and 
system efficiency. The study also highlighted the 
role of hybrid optimization in reducing 
computational complexity. It concluded that 
such techniques are essential for modern HR 
analytics systems.  
Study 7: Business Process Management and 
AI Integration (Lopez et al., 2019) 
This study examined the integration of artificial 
intelligence into business process management 
systems, with a focus on recruitment workflows. 
The authors demonstrated how AI-driven 
systems streamline operations and improve 
decision-making. The findings showed increased 
efficiency and reduced operational costs. The 
research also discussed challenges in system 
integration and data interoperability. It 
emphasized the need for scalable and flexible 
architectures.  
Study 8: Multi-Modal Data Processing in 
Recruitment (Wang et al., 2022) 
The research introduced a multi-modal deep 
learning framework for processing diverse 
recruitment data, including text, images, and 
behavioral metrics. The model utilized parallel 
CNNs to extract features from different data 
sources simultaneously. Results showed 
improved candidate matching accuracy and 
system robustness. The study highlighted the 
importance of integrating multiple data 
modalities in recruitment systems. It also 
addressed challenges related to data fusion and 
model complexity.  
Study 9: Bias Reduction in AI-Based Hiring 
Systems (Brown and Davis, 2020) 
This study investigated methods for reducing 
bias in AI-driven recruitment systems. The 
authors proposed techniques such as fairness-
aware learning and data balancing to mitigate 
bias. Experimental results demonstrated 
improved fairness without compromising model 
performance. The research emphasized ethical 
considerations in automated hiring systems. It 
also suggested guidelines for developing 
transparent and accountable AI models.  
Study 10: Scalable Recruitment Systems 
Using Cloud Computing (Reddy et al., 2021) 
The authors explored the use of cloud 
computing technologies to develop scalable 
recruitment systems. The proposed framework 
leveraged distributed computing resources to 
handle large volumes of candidate data 
efficiently. Results indicated improved system 
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performance and reduced processing time. The 
study highlighted the importance of cloud 
integration in modern HR systems. It also 
discussed security and data management 
challenges.  
Study 11: Deep Neural Networks for 
Candidate Screening (Huang et al., 2019) 
This study examined the use of deep neural 
networks for automated candidate screening, 
focusing on extracting latent features from 
resumes and job descriptions. The proposed 
system improved classification accuracy by 
leveraging hierarchical representations of 
candidate data. Experimental results 
demonstrated superior performance compared 
to traditional machine learning approaches. The 
study emphasized the importance of large 
annotated datasets for training deep models 
effectively. It also discussed scalability 
challenges in real-world deployment.  
Study 12: Parallel Processing in Recruitment 
Analytics (Mehta and Roy, 2020) 
The authors proposed a parallel processing 
framework for recruitment analytics using 
distributed computing techniques. The system 
processed multiple candidate profiles 
simultaneously, reducing computation time 
significantly. The integration of parallel 
architectures improved system efficiency and 
scalability. Results showed enhanced 
performance in handling large recruitment 
datasets. The study highlighted the importance 
of parallelism in modern HR systems.  
Study 13: Evolutionary Algorithms for 
Feature Selection (Nguyen et al., 2021) 
This research focused on the application of 
evolutionary algorithms for feature selection in 
recruitment systems. The proposed approach 
improved model accuracy by selecting optimal 
feature subsets from high-dimensional data. 
Results demonstrated significant improvements 
in classification performance. The study also 
addressed challenges related to computational 
complexity. It concluded that evolutionary 
feature selection enhances model robustness.  
Study 14: AI-Driven Talent Analytics 
Platforms (Sharma et al., 2022) 
The study explored AI-driven platforms for 
talent analytics, integrating machine learning 
and data visualization tools. The system 
provided actionable insights for recruitment 
decision-making. Results indicated improved 
hiring efficiency and reduced time-to-hire. The 
research emphasized the role of analytics in 
strategic HR management. It also discussed 
challenges related to data integration and 
system adoption.  
Study 15: Convolutional Networks for Text 
Classification in HR (Li et al., 2018) 

This research investigated the use of 
convolutional neural networks for text 
classification in recruitment systems. The model 
effectively classified resumes into relevant job 
categories. Results showed high accuracy and 
improved processing speed. The study 
highlighted the importance of text 
preprocessing techniques. It also discussed 
limitations related to data quality and noise.  
Study 16: Hybrid Deep Learning Models in 
Recruitment (Fernandez et al., 2021) 
The authors proposed a hybrid deep learning 
model combining CNNs and recurrent neural 
networks for recruitment analytics. The system 
captured both spatial and temporal patterns in 
candidate data. Experimental results 
demonstrated improved performance in 
candidate ranking tasks. The study emphasized 
the benefits of hybrid architectures in complex 
HR applications. It also discussed computational 
challenges and optimization strategies.  
Study 17: Optimization of Neural Networks 
Using Metaheuristics (Kaur et al., 2020) 
This study explored the use of metaheuristic 
algorithms for optimizing neural network 
parameters in recruitment systems. The 
proposed approach improved model 
convergence and accuracy. Results indicated 
that metaheuristic optimization outperformed 
traditional gradient-based methods. The 
research highlighted the importance of 
optimization in deep learning models. It also 
discussed challenges related to parameter 
tuning.  
Study 18: Big Data Analytics in HR 
Management (Omar et al., 2019) 
The study examined the role of big data 
analytics in human resource management, 
focusing on recruitment processes. The authors 
demonstrated how data-driven approaches 
improve decision-making and efficiency. Results 
showed enhanced predictive capabilities in 
candidate evaluation. The research emphasized 
the importance of data quality and integration. It 
also discussed challenges related to data privacy 
and security.  
Study 19: Automated Interview Analysis 
Using AI (Park et al., 2021) 
This research presented an AI-based system for 
analyzing interview data using deep learning 
techniques. The model evaluated candidate 
responses and behavioral traits to predict job 
suitability. Results demonstrated improved 
accuracy in candidate assessment. The study 
highlighted the potential of AI in automating 
interview processes. It also discussed ethical 
considerations and data privacy issues.  
Study 20: Cloud-Based AI Recruitment 
Platforms (Singh and Verma, 2022) 
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The authors proposed a cloud-based AI 
recruitment platform integrating deep learning 
models for candidate evaluation. The system 
leveraged cloud infrastructure for scalability 
and real-time processing. Results indicated 
improved system performance and reduced 
operational costs. The study emphasized the 
importance of cloud technologies in modern HR 
systems. It also discussed challenges related to 
data security and system integration.  
Study 21: Deep Learning-Based Resume 
Ranking Systems (Yadav et al., 2020) 
This study proposed a deep learning-based 
system for ranking resumes using convolutional 
neural networks and semantic similarity 
measures. The model effectively captured 
contextual relationships between job 
descriptions and candidate profiles. Results 
demonstrated improved ranking accuracy 
compared to traditional keyword-based 
approaches. The research emphasized the 
importance of semantic understanding in 
recruitment systems. It also highlighted 
challenges related to data preprocessing and 
model interpretability.  
Study 22: Parallel Computing in Talent 
Acquisition Systems (Chen and Huang, 2021) 
The authors introduced a parallel computing 
framework for talent acquisition systems, 
leveraging distributed architectures to process 
large datasets efficiently. The system 
demonstrated significant improvements in 
processing speed and scalability. Results 
showed that parallel computing enhances real-
time decision-making capabilities. The study 
emphasized the integration of parallel 
architectures in HR systems. It also discussed 
challenges related to system synchronization 
and resource management.  
Study 23: Evolutionary Neural Networks in 
HR Analytics (Patel et al., 2019) 
This research explored the use of evolutionary 
neural networks for HR analytics, focusing on 
optimizing network structures and parameters. 
The proposed approach improved prediction 
accuracy and model robustness. Results 
indicated that evolutionary techniques enhance 
the adaptability of neural networks. The study 
highlighted the importance of hybrid models in 
recruitment systems. It also discussed 
computational challenges and optimization 
strategies.  
Study 24: Intelligent Decision Support 
Systems for Recruitment (Gomez et al., 2022) 
The study presented an intelligent decision 
support system for recruitment using machine 
learning algorithms and data analytics. The 
system provided recommendations for 
candidate selection based on predictive models. 

Results demonstrated improved decision-
making and reduced hiring time. The research 
emphasized the role of decision support systems 
in HR management. It also discussed challenges 
related to data integration and model 
transparency.  
Study 25: CNN-Based Feature Extraction for 
Candidate Profiling (Rahman et al., 2021) 
This study investigated the use of convolutional 
neural networks for feature extraction in 
candidate profiling. The model effectively 
identified relevant features from resumes and 
social media data. Results showed improved 
classification accuracy and system performance. 
The research highlighted the importance of 
feature extraction in recruitment systems. It 
also discussed limitations related to data 
diversity and noise.  
Study 26: Hybrid Optimization Algorithms in 
Recruitment Systems (Khan et al., 2020) 
The authors proposed a hybrid optimization 
algorithm combining evolutionary strategies 
and swarm intelligence for recruitment systems. 
The approach improved candidate selection by 
optimizing model parameters. Results indicated 
enhanced accuracy and reduced computational 
complexity. The study emphasized the role of 
hybrid optimization in HR analytics. It also 
discussed challenges related to algorithm design 
and implementation.  
Study 27: AI-Driven Workforce Analytics 
(Miller et al., 2018) 
This research examined AI-driven workforce 
analytics systems for improving recruitment 
and employee management. The authors 
demonstrated how machine learning models 
enhance decision-making processes. Results 
showed increased efficiency and reduced 
operational costs. The study emphasized the 
importance of analytics in HR systems. It also 
discussed challenges related to data privacy and 
system integration.  
Study 28: Real-Time Recruitment Systems 
Using AI (Das et al., 2021) 
The study introduced a real-time recruitment 
system using artificial intelligence and deep 
learning techniques. The system processed 
candidate data in real time, enabling faster 
decision-making. Results demonstrated 
improved system responsiveness and accuracy. 
The research highlighted the importance of real-
time processing in modern HR systems. It also 
discussed challenges related to system 
scalability and data handling.  
Study 29: Data-Driven Recruitment Using Big 
Data Technologies (Singh et al., 2020) 
This research explored the use of big data 
technologies in recruitment systems, focusing 
on data-driven decision-making. The proposed 
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framework integrated machine learning models 
with big data platforms. Results showed 
improved predictive capabilities and system 
efficiency. The study emphasized the 
importance of data integration and analytics in 
HR systems. It also discussed challenges related 
to data quality and privacy.  
Study 30: Explainable AI in Recruitment 
Systems (Brown et al., 2022) 
The authors investigated the role of explainable 

AI in recruitment systems, focusing on 
improving transparency and trust. The 
proposed approach provided interpretable 
insights into model decisions. Results 
demonstrated enhanced user trust and system 
adoption. The study emphasized the importance 
of explainability in AI-driven HR systems. It also 
discussed challenges related to balancing 
accuracy and interpretability.  

 
Comparative Table 

Study Year Method Model Data Type Key Contribution Performance 
1 2019 Deep Learning CNN Text Resume 

classification 
High accuracy 

2 2020 Parallel CNN Parallel CNN Mixed Scalability 
improvement 

Reduced 
latency 

3 2021 Evolutionary 
Optimization 

Hybrid Structured Parameter tuning Faster 
convergence 

4 2018 AI Analytics ML Models HR Data Predictive hiring Improved 
outcomes 

5 2020 CNN Parsing CNN Text Resume 
extraction 

High precision 

6 2021 Hybrid 
Optimization 

GA + ML Mixed Feature 
optimization 

Improved 
accuracy 

7 2019 AI Integration ML Systems Process 
Data 

Workflow 
automation 

Cost reduction 

8 2022 Multi-modal 
Learning 

Parallel CNN Multi-modal Data fusion Robust 
performance 

9 2020 Bias Reduction Fair ML HR Data Ethical AI Balanced 
results 

10 2021 Cloud 
Computing 

Distributed Big Data Scalability Faster 
processing 

11 2019 Deep Learning DNN Text Candidate 
screening 

High accuracy 

12 2020 Parallel 
Processing 

Distributed HR Data Efficiency Reduced time 

13 2021 Evolutionary 
FS 

EA High-
dimensional 

Feature selection Improved 
performance 

14 2022 AI Analytics ML + 
Visualization 

Mixed Decision support Faster hiring 

15 2018 CNN 
Classification 

CNN Text Resume 
classification 

High accuracy 

16 2021 Hybrid DL CNN + RNN Sequential Pattern learning Better ranking 
17 2020 Metaheuristics Optimized 

NN 
Structured Parameter tuning Improved 

convergence 
18 2019 Big Data 

Analytics 
ML Large-scale Data-driven HR Better 

prediction 
19 2021 AI Interview DL Models Video/Text Behavior analysis High accuracy 
20 2022 Cloud AI DL Systems Big Data Real-time 

processing 
Scalable system 

21 2020 Semantic DL CNN Text Resume ranking Improved 
accuracy 

22 2021 Parallel 
Computing 

Distributed Large-scale Speed 
improvement 

Efficient 
processing 

23 2019 Evolutionary 
NN 

Hybrid NN Structured Model 
optimization 

Robust results 

24 2022 Decision ML HR Data Hiring Faster 
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Support recommendations decisions 
25 2021 CNN Features CNN Mixed Feature extraction High accuracy 
26 2020 Hybrid 

Optimization 
EA + SI Mixed Parameter tuning Reduced 

complexity 
27 2018 Workforce 

Analytics 
ML HR Data Decision 

improvement 
Cost efficiency 

28 2021 Real-time AI DL Streaming Fast recruitment High 
responsiveness 

29 2020 Big Data ML + Big 
Data 

Large-scale Data integration Better 
prediction 

30 2022 Explainable AI XAI Models HR Data Transparency Increased trust 
 
Analysis Based on Literature Review 
The comprehensive analysis of the reviewed 
literature reveals a clear progression from 
traditional machine learning approaches to 
advanced deep learning and hybrid optimization 
techniques in recruitment systems. Early studies 
primarily focused on basic classification and 
predictive analytics, whereas recent research 
emphasizes parallel processing, multi-modal 
data integration, and real-time decision-making 
capabilities. The integration of convolutional 
neural networks has significantly enhanced 
feature extraction and candidate profiling, while 
parallel architectures have improved scalability 
and computational efficiency. Evolutionary 
optimization techniques further contribute by 
enabling dynamic parameter tuning and 
improving model convergence. Additionally, 
emerging trends such as explainable AI and bias 
reduction highlight the growing importance of 
ethical and transparent recruitment systems. 
Despite these advancements, challenges such as 
data heterogeneity, computational complexity, 
and system integration persist, indicating the 
need for more robust and scalable solutions. 
 
Discussion 
The findings from the literature underscore the 
transformative impact of artificial intelligence 
and deep learning technologies on human 
resource recruitment systems. The integration 
of parallel convolutional neural networks with 
evolutionary optimization algorithms 
represents a significant advancement in 
improving recruitment efficiency and accuracy. 
These systems enable the processing of large-
scale and multi-modal candidate data, 
facilitating more informed and objective 
decision-making. Moreover, the incorporation of 
optimization techniques inspired by human 
evolution enhances the adaptability and 
robustness of these models, allowing them to 
respond dynamically to changing recruitment 
requirements. However, the adoption of such 
advanced systems is not without challenges. 
Issues related to data privacy, algorithmic bias, 
and system interpretability remain critical 

concerns that must be addressed to ensure 
ethical and fair recruitment practices. 
Furthermore, the complexity of integrating 
these technologies into existing business 
process management systems poses additional 
challenges. Despite these limitations, the 
potential benefits of intelligent recruitment 
systems, including reduced operational costs, 
improved hiring outcomes, and enhanced 
scalability, make them a valuable asset for 
modern organizations. 
 
Conclusion 
Artificial intelligence has transformed modern 
recruitment systems by improving the efficiency, 
accuracy, and scalability of talent acquisition 
processes. This review demonstrates that the 
integration of parallel convolutional neural 
networks with human evolutionary 
optimization algorithms provides a powerful 
framework for intelligent recruitment. Parallel 
CNN architectures effectively process diverse 
candidate information, including resumes, skills, 
and behavioral data, while reducing 
computational latency and enhancing feature 
extraction. Human evolutionary optimization 
algorithms further improve system performance 
by optimizing model parameters, increasing 
prediction accuracy, and enabling adaptive 
decision-making. The adoption of hybrid deep 
learning models, cloud-based platforms, and 
explainable AI has also contributed to more 
reliable, transparent, and scalable recruitment 
solutions that support data-driven hiring 
decisions. 
Despite these advancements, several challenges 
continue to affect the practical implementation 
of AI-based recruitment systems. Data quality, 
computational complexity, integration with 
existing enterprise platforms, and algorithmic 
bias remain significant concerns. Ensuring 
fairness, transparency, and ethical decision-
making is essential to build trust among 
employers and applicants. Future research 
should focus on developing lightweight and 
interpretable models, improving bias mitigation 
strategies, and enhancing real-time recruitment 
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capabilities through advanced optimization 
techniques. Greater integration of recruitment 
platforms with business process management 
systems can further streamline organizational 
workflows and improve operational efficiency. 
Overall, the combination of parallel 
convolutional neural networks and human 
evolutionary optimization algorithms 
represents a promising direction for next-
generation recruitment systems, enabling 
organizations to make faster, smarter, and more 
objective hiring decisions while supporting 
long-term business growth. 
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