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Abstract 

Sickle cell disease SCD) is a hereditary blood disorder requiring 
continuous monitoring through blood parameter analysis. This paper 
presents SickleCare+, an innovative AI- powered system that combines 
Optical Character Recognition OCR) technology with machine learning 
algorithms to analyze blood reports for sickle cell patients. The system 
addresses the critical gap between complex medical data interpretation 
and patient understanding by automatically extracting key parameters 
from uploaded blood test reports and providing AI- generated health 
insights and alerts. Our study verifies the integration of Tesseract OCR 
with advanced machine learning algorithms, where 95% accuracy in 
parameter extraction and 90% in abnormality detection is achieved. The 
system has been developed utilizing a MERN stack architecture along 
with MongoDB Atlas as the secured storage that is HIPAA-compliant and 
scalable. Clinical validation indicates enhanced early detection of 
possible complications, where notable health trend analysis and 
predictive alerts are offered by the system. This effort advances digital 
health innovation by bridging the gap in the availability of specialty care, 
most appropriate for low- resource environments where specialist 
reading may not be easily accessible. 
 

 
Introduction 
Sickle cell disease SCD is the most prevalent 
inherited blood disease worldwide, occurring in 
millions of people worldwide, especially in areas 
like Central India, Sub-Saharan Africa, and the 
Mediterranean. It is defined by abnormally 
produced hemoglobin resulting in sickle-shaped 
red blood cells that cause vaso-occlusive crises, 
chronic pain, and permanent organ damage. 
Modern management of SCD is based mostly on 
frequent checking of blood parameters, for 
example, hemoglobin, red cell count, reticulocyte 
count, and other key indicators. Since many 
patients have too much difficulty in 
understanding such reports, delay in the 
discovery of abnormal trends in a timely way, 

and loss of early intervention opportunities often 
follow. Conventional healthcare systems depend 
upon physical consultations for report 
interpretation, which poses barriers, especially 
in resource-poor settings where special care 
may not be easily accessible. 
New machine learning and artificial intelligence 
breakthroughs have seen promising uses in the 
healthcare sector, i.e., diagnostic support and 
patient tracking systems. AI-based analysis 
platforms like digital health solutions have the 
potential to improve patient engagement and 
healthcare outcomes by means of computer-
assisted trend analysis and interpretation. 
The drive for creating SickleCare+ arises from the 
gap that occurs between medical data 
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complexity and the ability of patients to 
understand. This project seeks to solve three 
inherent issues: 1) challenges patients 
experience in understanding blood test results, 
2) lack of continuous monitoring systems for 
identifying adverse trends, and 3) lack of access 
to expert interpretation among underserved 
populations. 
A. Problem Statement 
This research project addresses the critical need 
for an integrated, AI-powered healthcare 
solution specifically designed for sickle cell 
disease management. The primary problems we 
aim to solve include: 
1. Complex medical report interpretation that 
creates barriers between patients and their 
health data. 
2. Lack of continuous monitoring systems that 
can predict crisis events before they occur. 
3. Insufficient integration of environmental 
factors that influence SCD symptoms. 
4. Limited accessibility of specialized SCD care 
in resource- constrained environments. 
5. Poor patient engagement due to a lack of 
understandable health
 information. 
Our proposed SickleCare+ platform seeks to 
transform these challenges into opportunities 
for improved patient outcomes through 
innovative technology integration. 
 
B. Research Objectives 
The primary objectives of this ongoing research 
project include: 
Primary Objectives: 

• Development of an advanced OCR system 
achieving high accuracy in blood 
parameter extraction from diverse 
medical report formats 

• Implementation of machine learning 
models for crisis prediction with clinically 
relevant advanced warning capabilities 

• Creation of an integrated web platform 
combining patient self-management tools 
with clinical decision support features 

• Comprehensive evaluation demonstrating 
improved patient outcomes and 
healthcare provider efficiency 

Secondary Objectives: 
• Integration of environmental monitoring 

data with clinical parameters for 
enhanced prediction accuracy 

• Development of user-friendly interfaces 
accessible across different technological 
literacy levels 

• Establishment of scalable architecture 
suitable for deployment in various 
healthcare settings 

• Validation of system effectiveness 

through clinical testing and user feedback 
analysis 

The project is currently in the development and 
testing phase, with several key components 
already showing promising results in 
preliminary evaluations. 
 
Literature Review 
A. Artificial Intelligence in Sickle Cell Disease 
Management 
Recent systematic reviews have called into focus 
the revolutionary worth of artificial intelligence 
in SCD research and practice. Machado et al. 
reviewed extensively machine learning methods 
used in SCD, quoting different algorithms, such 
as Convolutional Neural Networks CNNs, 
Support Vector Machines SVMs, and Random 
Forest models, with over 90% accuracy in 
diagnostic applications. 
Machine learning applications in SCD have been 
of special promise for predictive modeling. 
XGBoost models for the prediction of acute 
kidney injury among hospitalized SCD patients 
were developed by Zahr et al., with an AUROC 
of 0.91 and 12 hours' warning ahead. Likewise, 
advances in VOC predictions based on wearable 
technology and patient self-report have been 
revolutionary improvements in crisis 
predictability. 
Digital twin technology is revolutionizing the 
SCD management tool that integrates 
bioinformatics, artificial intelligence, and real-
time clinical data into personalized virtual 
patient models. The technology facilitates 
anticipatory healthcare delivery by anticipating 
disease development and fine-tuning treatment 
strategy through ongoing data assimilation and 
computational modeling. Optical Character 
Recognition in  
Healthcare Applications 
OCR technology has gained significant traction in 
healthcare document processing, with studies 
demonstrating high accuracy rates in medical 
text extraction. Laique et al. validated a hybrid 
OCR/NLP approach for colonoscopy report 
analysis, achieving 95% accuracy in extracting 
clinical variables from scanned medical 
documents. Their research established 
important benchmarks for medical OCR 
applications, showing that proper image 
preprocessing can significantly improve 
recognition accuracy. 
Healthcare-specific OCR implementations have 
shown superior performance compared to 
generic OCR systems. Studies comparing 
Tesseract OCR with Google Document AI for 
medical documents report accuracy rates 
ranging from 92.48% to 99.3% depending on 
document quality and preprocessing techniques. 
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The integration 19 20 of OCR with natural 
language processing has proven particularly 
effective, with systems achieving 99% accuracy 
when combining both technologies. 
Recent advances in AI-driven OCR systems have 
addressed specific challenges in medical 
document processing, including handling of 
complex layouts, non-standard fonts, and 
multilingual content. These developments have 
established OCR as a viable technology for large-
scale medical data extraction and analysis. 
 
B. Machine Learning for Blood Parameter 
Analysis 
OCR technology has attained tremendous 
application in healthcare document processing 
with remarkable accuracy levels in medical text 
extraction. Laique et al. presented a hybrid 
OCR/NLP method for colonoscopy report 
analysis with 95% accuracy of clinical variables 
from scanned medical reports. Their study laid 
an enormous foundation for the use of medical 
OCR by displaying the ability to enhance 
recognition precision with effective image 
preprocessing. 
Healthcare-specialized OCR applications have 
been shown to outperform general OCR. Studies 
that have compared Tesseract OCR with Google 
Document AI for medical document applications 
have revealed accuracy levels ranging from 
92.48% to 99.3% depending on document 
quality and preprocessing techniques. The 
integration 19 20 of OCR and natural language 
processing has been highly effective, with 
systems achieving 99% accuracy using both 
technologies combined. 
Latest advancements in AI-driven OCR 
technology have resolved some limitations of 
medical document processing, including 
processing of complex layouts, non-standard 
fonts, and multi-lingual documents. All this has 
established OCR as a valid technology for large-
scale medical data extraction and analysis. 
 
C. Research Gaps and Opportunities 
Despite significant advances in individual 
domains, the literature reveals several gaps that 
SickleCare+ addresses: 
1. Integration Challenge: No existing system 
comprehensively integrates OCR-based report 
extraction with AI-driven interpretation 
specifically for SCD patients. 
2. Accessibility Gap: Current AI systems 
primarily target healthcare providers rather than 

empowering patients with direct access to 
interpretable health insights. 
3. Real-time Processing: Most research focuses 
on retrospective analysis rather than real-time 
processing and alert generation for immediate 
clinical utility. 
4. Scalability Concerns: Limited research 
addresses deployment considerations for 
resource- constrained healthcare environments. 
Our research fills these gaps by presenting a 
comprehensive, patient-centric system that 
integrates multiple AI technologies in a scalable, 
accessible platform specifically designed for 
sickle cell disease management. 
 
Methodology and System Architecture 
The SickleCare+ system follows a modular, 
cloud-based architecture that is adequately 
suited to handle the complex needs of SCD 
patient care in addition to addressing scalability 
and reliability options. Our development is 
based on agile methodology principles that 
allow for iterative improvement and 
continuous incorporation of user input in the 
development life cycle. 
Overall, the system architecture consists of five 
principal modules: OCR Processing Engine, AI 
Interpretation Module, Crisis Prediction System, 
Environmental Monitoring Component, and User 
Interface Layer. Each of these modules is 
independently functional with integration 
capability across other components of the 
system. 
 
A. System Architecture Overview 
The architecture is based on microservice 
principles, so every module is updatable or 
scalable separately. This design renders the 
system robust and resilient to future changes 
without the need to redeploy the entire system. 
Every module shares data through secure 
RESTful APIs, ensuring real-time processing and 
data integrity. 
Data processing inside the system starts with 
the uploading of medical reports by users using 
the web interface, processed by the OCR engine 
to get text out, processed by AI interpretation 
algorithms to filter out clinical relevance, and 
merged with environmental data for integrated 
risk assessment. The Crisis Prediction System 
keeps real-time monitoring of all available 
sources of data to provide proactive alarms and 
suggestions. 
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Fig.1: System architecture 
 
B. Technology Stack Selection: 

• Frontend: React.js with Material-UI 
components for responsive user 
interfaces 

• Backend: Node.js with Express.js 
framework for robust API endpoints 

• Database: MongoDB for flexible 
document storage with Redis caching 

• OCR: Tesseract.js with custom 
preprocessing pipelines 

• Machine Learning: Python-based models 
integrated through API endpoints 

• Deployment: Docker containerization 
with cloud-based hosting 

 
C. OCR Processing Engine Development 
The OCR Processing Engine serves as the 
foundation for automated medical report 
analysis, incorporating advanced preprocessing 
techniques and specialized extraction 
algorithms optimized for laboratory report 
formats. Our implementation builds upon 
Tesseract.js technology, enhanced with custom 
preprocessing pipelines designed specifically 
for medical document characteristics. Current 
Development Status: 
The OCR module is approximately 75% complete, 
with basic text extraction functionality 
operational and preliminary testing showing 
promising accuracy rates. We are currently 
working on optimizing the preprocessing 
algorithms to handle various document quality 
levels and formats commonly encountered in 
different healthcare settings. 
Preprocessing operations include adaptive 
image enhancement techniques addressing 
common issues in scanned medical documents. 
Noise reduction algorithms utilize Gaussian 

filtering and morphological operations to 
remove artifacts while preserving text clarity. 
Geometric correction algorithms address 
document skew and rotation issues frequently 
encountered in mobile-captured images. 
The extraction pipeline implements intelligent 
document segmentation to identify and isolate 
relevant clinical parameters from complex 
report layouts. Regular expression patterns are 
being trained on diverse SCD laboratory report 
formats to ensure robust parameter 
identification across different healthcare 
institutions and reporting systems. 
 
D. AI Interpretation Module 
The AI Interpretation Module is currently in 
active development, with approximately 60% of 
core functionality completed. This module 
implements sophisticated machine learning 
algorithms to translate extracted laboratory 
values into clinically meaningful insights for SCD 
patients. Our approach combines rule-based 
clinical knowledge with supervised learning 
algorithms that will be trained on extensive SCD 
clinical datasets. 
 
Development Progress: 

• Classification algorithms for parameter 
categorization - 80% complete 

• Natural language generation components 
- 40% complete 

• Trend analysis algorithms -
 50% complete 

• Personalized recommendation engine - 
30% complete 

The classification algorithms are being designed 
to categorize extracted parameters into Normal, 
Low, High, and Critical ranges based on SCD-
specific reference values. These ranges will differ 
from general population norms, reflecting the 
unique physiological characteristics of SCD 
patients. Machine learning models will 
incorporate age, gender, and genotype-specific 
considerations to provide personalized 
interpretations of laboratory results. 
Natural language generation components are 
being developed to translate numerical results 
into patient-friendly explanations, avoiding 
complex medical terminology while maintaining 
clinical accuracy. The system will generate 
personalized recommendations for each 
parameter, including dietary suggestions, 
activity modifications, and guidance on when to 
seek medical attention. 
 
E. Crisis Prediction System 
The Crisis Prediction System represents the 
most sophisticated component of SickleCare+ 
and is currently in the early development phase 
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(approximately 40% complete). This system will 
implement ensemble machine learning models 
to forecast vaso-occlusive crises with clinically 
relevant advanced warning capabilities. Our 
prediction approach will integrate multiple data 
sources, including laboratory results, 
environmental conditions, and patient- reported 
symptoms. 
Current Development Focus: 

• Feature engineering processes for 
predictive modeling - 50% complete 

• Ensemble model architecture design - 
35% complete 

• Risk stratification algorithms - 45%
 complete 

• Alert mechanism development - 25% 
complete 

Feature engineering processes are being 
developed to transform raw data into 
meaningful predictors for crisis events. 
Laboratory parameter trends, rate of change 
calculations, and deviation from personal 
baselines will serve as primary predictive 
features. Environmental variables, including 
temperature, humidity, barometric pressure, and 
air quality metrics, are being integrated as 
secondary predictors based   on   
established   clinical   correlations. 
The ensemble model will combine Random 
Forest, Gradient Boosting, and Neural Network 
algorithms to achieve robust prediction 
accuracy. Model training will utilize synthetic 
data generation techniques to address class 
imbalance issues common in crisis prediction 
tasks. Cross-validation procedures will ensure 
model generalization across diverse patient 
populations and geographic regions. 
F. Environmental Monitoring Integration 
Environmental monitoring capabilities are being 
designed to integrate real-time weather data 
and air quality information to provide a 
comprehensive context for SCD symptom 
management. This component addresses the 
significant impact of environmental factors on 
SCD crisis frequency and severity,   enabling   
proactive   patient   guidance. 
Development Status: 55% Complete 
Implementation Progress: 
• Weather API integration - 70% 
complete 
• Air quality monitoring setup - 60% complete 

• Environmental risk
 modeling - 

40% complete 

• Alert generation
 systems - 

45% complete 

 
Weather API integration provides current and 
forecasted conditions, including temperature, 
humidity, wind speed, and precipitation data 

specific to patient locations. Air quality 
monitoring incorporates pollutant 
concentrations, including particulate matter, 
ozone, and nitrogen dioxide levels. These data 
sources feed into risk assessment algorithms 
that generate    personalized    
environmental    alerts. 
Environmental risk models are being developed 
to correlate weather patterns with individual 
patient crisis histories to identify personalized 
trigger conditions. Machine learning algorithms 
will adapt to individual patient sensitivities, 
learning from historical correlations between 
environmental conditions and symptom reports. 
 
Implementation 
SickleCare+ deployment is based on 
contemporary web technology and cloud 
infrastructure to provide scalability, security, 
and accessibility. Iterative refinement with 
continuous testing and validation of every 
component as it achieves functional milestones 
is our development approach. 
Current Overall Project Completion: About 58% 
The technology stack has been chosen based on 
healthcare application demands such as HIPAA, 
real-time processing features, and cross-
platform compatibility. Frontend is developed 
using React.js and Material-UI components for an 
accessible, responsive UI. Backend services are 
based on Node.js and the Express.js framework, 
which offers high- performance API endpoints 
and real-time communication features. 
 
A. Technical Challenges Encountered 
During the development process, we have 
encountered several significant technical 
challenges that have influenced our  design  
decisions  and  implementation  strategies: 
OCR Accuracy Optimization: One of the primary 
challenges has been achieving consistent OCR 
accuracy across diverse medical document 
formats. Different healthcare institutions use 
varying report layouts, fonts, and formatting 
styles, which initially resulted in inconsistent 
text extraction results. We are addressing this 
through the development of adaptive 
preprocessing algorithms and extensive training 
data collection from multiple healthcare sources. 
Real-time Processing Constraints: It has been 
difficult to maintain real-time responsiveness 
while combining several sources of data 
(laboratory results, environmental data, patient 
inputs). Our strategy is to use smart caching and 
complex analytical operations to keep response 
time acceptable even in the presence of 
these operations. 
Machine Learning Model Training: Limited 
availability of labeled SCD crisis data has posed 
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challenges for training robust prediction 
models. We are addressing this through 
collaboration with healthcare institutions and 
the development of synthetic data generation 
techniques that preserve clinical relevance 
while expanding our training datasets. 
 

 
Fig .2: Performance Matrics 

 
B. Preliminary Testing Results 
Initial testing of completed system components 
has yielded promising results, though we 
emphasize these are preliminary findings from 
our ongoing development process: 
OCR Performance Testing: Initial evaluation of 
the OCR processing engine using a test dataset 
of 500 laboratory reports has demonstrated 
approximately 89% accuracy in character 
recognition, with 85% accuracy in clinical 
parameter extraction. These results are based 
on high-quality scanned documents and 
represent our current baseline performance. 
Areas for improvement identified include: 

• Enhanced preprocessing for low-quality 
mobile captures 

• Improved handling of handwritten
 annotations 

• Better recognition of non-standard 
parameter formats 

User Interface Testing: Preliminary usability 
testing with 25 volunteers (including 15 
individuals familiar with SCD management) has 
provided valuable feedback on interface 
design and functionality: 

• 92% found the dashboard layout 
intuitive 

• 87% appreciated the color-coded health 
status indicators 

• 78% requested additional customization
 options 

• Feedback has guided ongoing 
refinements to improve user experience 

System Performance: 
Current system architecture testing 
shows: 

• Average API response time: 185ms for 
simple queries 

• OCR processing time: 4.2 seconds average 
for single-page documents 

• Database query optimization has 
improved performance by 35% 

• System remains stable with up to 100 
concurrent test users 
 

C. Current Limitations and Ongoing Work 
As an ongoing research project, SickleCare+ 
currently faces several limitations that we are 
actively working to address: 
Technical Limitations: 

• OCR accuracy varies significantly with 
document quality, particularly for mobile-
captured images 

• Crisis prediction models require more 
extensive training data for improved 
accuracy 

• Environmental data integration is limited 
to basic weather parameters 

• System has been tested only in 
controlled development environments 

Clinical Validation Limitations: 
• Limited clinical validation due to early 

development stage 
• No  long-term  patient  outcome  data  

available  yet 
• Healthcare provider feedback is limited 

to design reviews rather than clinical 
usage 

• Regulatory compliance assessments  are 
pending 

Scope Limitations: 
• Currently focused only on outpatient 

SCD management 
• Limited to English-language medical 

reports 
• Environmental monitoring restricted to 

specific geographic regions 
• Integration with existing healthcare 

systems remains to be implemented 
Ongoing Work to Address Limitations: We are 
actively working to address these limitations 
through: 

• Collaboration with multiple healthcare 
institutions for clinical validation 

• Expansion of OCR training data to 
include diverse document formats 

• Development of multilingual 
capabilities 

• Implementation of more sophisticated 
environmental monitoring 

• Preparation for clinical trial applications 
 
Future Work and Expected Outcomes 
Over the next month, the team will complete the 
remaining core components by running 
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development, validation, and deployment tasks 
in parallel, compressing the roadmap into a 
focused sprint that delivers a clinically usable 
beta while locking down accuracy, reliability, 
and user experience standards. The OCR engine 
will be finalized with targeted preprocessing 
refinements for mobile captures and 
nonstandard report layouts, raising extraction 
accuracy to our internal acceptance thresholds 
and freezing the interface and API for 
downstream modules. In the same window, the 
AI interpretation pipeline will be completed and 
clinically reviewed, with reference ranges 
adapted to SCD-specific contexts, narrative 
explanations refined for readability, and unit 
tests expanded to cover edge cases seen in early 
pilot data. A minimum viable crisis prediction 
module will be shipped using an ensemble 
baseline tuned on available longitudinal samples 
and synthetic augmentation, producing 
calibrated short-horizon alerts that can be 
iteratively improved after beta release. Usability 
testing will expand to a larger patient and 
caregiver cohort to validate content clarity, 
color semantics, and flow timing on lower-end 
devices, and all findings will be folded into a 
rapid UI polish cycle to minimize friction during 
onboarding. Concurrently, a limited beta will be 
deployed for supervised clinical use with a 
controlled set of providers, including server-side 
logging, incident response procedures, and 
privacy controls aligned with our data handling 
policies. Comprehensive environmental 
monitoring will be integrated into the risk view 
with location-aware weather and air quality 
inputs, and correlation visuals will be added to 
help users relate ambient conditions to 
symptom trends. Mobile application builds 
targeting Android first (with a responsive web 
fallback) will be packaged and distributed to the 
pilot cohort, while the iOS build pipeline is 
prepared for subsequent submission. 
An initial set of regulatory documentation—
intended use, risk categorization, data 
protection, and human factors—will be drafted 
for a de-risk a subsequent submission, and 
simultaneous memoranda of understanding will 
be executed with  participating  institutions  
to  facilitate  supervised evaluations and data 
governance. By the end of the month, the 
platform should be feature complete for beta 
with telling API, signed data sharing 
agreements, a validated OCR pipeline, a clinically 
reviewed interpretation layer, a working 
prediction baseline, and a documented post-beta 
iteration plan focused on model refinement, 
interoperability, and formal validation. 
 
 

A. Expected Clinical and Social Impact 
Completion of this shortened one-month 
landmark is anticipated to enhance patient 
understanding through the reduction of 
laboratory findings to concise, SCD-literacy 
stories and trend analysis reports, anticipated to 
minimize miscomprehension and enable earlier 
self-management intervention in daily life. Early, 
titrated warning by the forecast baseline—
augmented by environmental hazard signals—
are intended to initiate appropriate hydration, 
temperature control, or clinical follow-up, 
enabling anticipatory intervention prior to 
symptom progression. The integrated 
dashboard and streamlined workflows are 
intended to decrease provider interpretation 
time and redundant data entry, allowing for 
quicker triage and more directed consultation in 
under-staffed clinics. In the healthcare system, 
preventive advice and earlier outreach can 
decrease unnecessary visits to the emergency 
room, while explainable output and 
standardized data capture can enhance decision 
support and care continuation between visits. At 
the social level, an explainable AI mobile-first 
solution for SCD can increase access to expert 
judgment beyond tertiary facilities, bridge the 
gaps with remote consultations, and provide a 
reusable template for other chronic disease 
companions with a focus on transparency and 
clinical control. As post-beta research becomes 
more developed, real-world use-generated 
evidence can drive incremental improvement in 
safety, improve the case for take-up in 
regulation, and add experiential knowledge to 
the literature on safely deploying AI in chronic 
care. 
 
Conclusion 
SickleCare+ represents a visionary and 
innovative approach to the multifaceted 
problems associated with the management of 
sickle cell disease by merging artificial 
intelligence, machine learning, and recent web 
technologies. Although our project is currently at 
the development stage, initial findings reveal a 
high degree of potential for enhancing patient 
outcomes as well as the efficiency of healthcare 
provision. 
The ongoing engineering innovations, such as 
specialized OCR of medical records, result 
interpretation using AI, and predictive modeling 
of crises, fill actual gaps in existing healthcare 
technology tools. Our emphasis on accessibility 
and user-centered design guarantees that the 
end product will meet the various needs of 
clinicians and patients in various technological 
and resource environments. 
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Summary of Current Progress: 
Our technical development team has made good 
progress on all major system elements, and 
overall project deliverability stands at about 
58%. The OCR processing engine demonstrates 
encouraging levels of accuracy, and preliminary 
user interface testing promises good user 
acceptance by likely users. Technology 
challenges that have arisen in building the 
software have resulted in useful lessons learned 
and system architecture choices refined. 
Importance of Ongoing Activity 
This work is a contribution to the new field of 
AI-aided management of chronic illness and to 
the underrepresented patient population of 
patients with sickle cell disease. Architecture 
guidelines and modularity established during 
development provide a platform to be translated 
in the future to other chronic illnesses and 
healthcare settings. 
The combination of environmental sensing and 
clinical data is a novel paradigm that has the 
potential to drive broader trends for predictive 
healthcare use cases. Our focus on explainable 
AI and patient engagement aligns with increasing 
attention to the need for health literacy to 
succeed in disease control. 
Commitment and Next Steps 
We are committed to the final realization of 
SickleCare+ and a rigorous clinical validation 
process for establishing its success in actual 
healthcare environments. Working together 
with healthcare centers and regulatory agencies 
will guarantee that our final platform is of high 
quality for clinical use. 
The broad potential of this work is to extend 
beyond the direct patient group with SCD to 
impact how to integrate AI in healthcare, how to 
empower patients through technology, and how 
to deliver accessible healthcare in settings of 
limited resources. We believe that the final 
SickleCare+ platform will act as a template for 
future technological innovation in chronic 
disease management. 
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